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Research program (in a nutshell)

1. Use individual political position estimates in large online populations
to study recommender systems

2. Audit algorithmic outcomes (i.e, what’s recommended),
but also advance Al explainability hinging on politics

3. Develop toolkits for algorithm design, compliance
and platform regulation
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Multidimensional Political Opinions Spaces

Embedding procedure
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Multidimensional Political Opinions Spaces

Embedding procedure
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Al explainability and online politics
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Al explainability and online politics
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First study: audit in opinion spaces

e Collaboration with Horus project at CNRS
 Panel of 2.258 users that volunteer platform data (browser plug-in)

 17M recommendations (+engagement) on Twitter (Oct 2022 — Jan 2024)



First study: audit in opinion spaces

e Collaboration with Horus project at CNRS
 Panel of 2.258 users that volunteer platform data (browser plug-in)

 17M recommendations (+engagement) on Twitter (Oct 2022 — Jan 2024)

* Collected tweets posted by friends of panel

 Caveat: we cannot address content-based recommendations of global
scope



First study: audit in opinion spaces

e Collaboration with Horus project at CNRS
 Panel of 2.258 users that volunteer platform data (browser plug-in)
 17M recommendations (+engagement) on Twitter (Oct 2022 — Jan 2024)
* Collected tweets posted by friends of panel

 Caveat: we cannot address content-based recommendations of global
scope

 Measured algorithmic amplification with respect to time-reversal
recommender



Algorithmic Amplification

First study: audit in opinion spaces

Algorithmic asymmetries Iin French Twitter
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Second study: breaking Al political explainability
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Second study: breaking Al political explainability
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Second study: breaking Al political explainability
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Second study: breakin
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Distribution of top users by learned-dimension-3 (Is)

top 50.00 % (Is > 0.01)
top 25.00 % (I > 0.43)
top 12.50 % (Is > 2.78)
top 6.25 % (Is > 8.35)
top 3.12 % (I > 16.07)
top 1.56 % (Is > 23.51)
top 0.78 % (Is > 27.54)
top 0.39 % (I > 30.57)
All the users

High anti-elite
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Distribution of top users by learned-dimension-4 (ls)

top 50.00 % (la > 0.01)
top 25.00 % (la > 0.70)
top 12.50 % (la > 4.07)
top 6.25 % (la > 9.32)

top 3.12 % (la > 15.49)
top 1.56 % (la > 22.01)
top 0.78 % (la > 26.68)
top 0.39 % (la > 30.68)
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Toolkits, compliance
& platform regulation



Regulation, compliance and toolkits

« GDPR, Art 9:

Processing of data containing political opinions (among other « special »
sensitive categories) shall be prohibited.



Regulation, compliance and toolkits

« GDPR, Art 9:

Processing of data containing political opinions (among other « special »
sensitive categories) shall be prohibited.

 DSA, Art 26:

Platforms shall not recommend ads based on profiling on sensitive categories
under Art 9 of GDPR (including political opinions).



Regulation, compliance and toolkits
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Regulation, compliance and toolkits
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Regulation, compliance and toolkits
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Profiling, political opinion, compliance with GDPR/DSA...
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